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I believe it was Ben Franklin who observed that, “Chance favors the prepared mind.”  One can be a discretionary trader, relying on one’s feel for short-term price movement, and still benefit from the kind of research normally associated with longer timeframe trading.  It is much easier to get that extra point of movement in your favor if you are trading with a trending movement rather than against it.  For the short-term trader, longer timeframe research is a bit like warning signs on a highway.  You may not change your destination as a result of such signs, but you will certainly be alert for situations that will lead you to shift the way that you reach that destination.  If my long timeframe research highlights a probability of intraday volatility for the coming trading day, for example, I might shift my position size accordingly: lowering it if I am uncertain of directional movement; raising it to take advantage of a high probability setup.  If the longer-term research notes a directional bias to the coming day’s trading, once again I might trade with greater confidence—and size—setups in that direction. 

[Note: when I use the term “setups”, I am referring to patterns that are traded by the trader.  A breakout trader will look for certain setups; a countertrend trader trading ranges will look for other setups.  Setups may be technically based market patterns, but are not necessarily so.  A setup can result from a news event/economic report or, for the shortest timeframe trader, the way price trades at a level.  A quantitative trader will only use setups based upon historical research; a discretionary trader will set up trades based upon a feel for momentum.  It is my contention that all traders trade patterns; the patterns are more explicit in the case of the quantitative trader, rule-based but somewhat fuzzy for the technical trader, and largely implicit for the discretionary trader.  My thesis in this article is that explicit, statistical research can provide information useful to traders regardless of the patterns they trade, as long as it does not lead them to abandon their successful pattern-based trading.]


How does one find a possible edge through research?  One way is to outsource the research function by subscribing to market services that specialize in data collection and analysis.  Although I conduct my own research, I still subscribe to services such as Lowry’s Reports (www.lowrysreports.com) and Jason Goepfert’s electronic letter at www.sentimentrader.com.  Such services offer guidance for the coming day’s trading, but also inspire ideas for my own investigations.  


If you are going to conduct your own research, you will first need a historical database.  This database should go back far enough to capture different kinds of market conditions—at least two years—and should include the variables that you believe to be important in predicting market direction.  For instance, your database might include prices for different market emini indexes, volumes for these, and values for market indicators such as the volatility index (VIX) and put/call ratio.  Your database will be constructed in a manner that reflects your trading.  As a rule, you will be predicting movements that are a small multiple of your data entries.  For example, daily data will help you predict movements several days into the future; hourly data will help you predict movements several hours into the future, etc.  You want to denominate your data in the time increment that best reflects the timeframe of your trading.  If your data is intraday data, you will need a historical data vendor such as www.tickdata.com, or you will (like me) need to build your own historical database from the price servers of your data provider (in my case, www.realtick.com).  Daily data can be obtained through different vendors, such as www.pinnacledata.com or online sources such as MSN or Yahoo!, or can be constructed from downloads of your datafeed.


Your database should be organized in a fashion that permits easy manipulation.  Because my data inquiries are relatively simple—looking at two predictors at a time, typically—I find Excel to be sufficient for my needs.  A more complex database, where you will be querying across multiple variables, would benefit from a relational database.  There are also sophisticated software programs that facilitate predictive modeling of data.  My favorites are the programs at www.salford-systems.com.  Although it takes a while to master the data manipulation in any program, once you conduct multiple inquiries over time, the speed of the analyses rises accordingly.  I typically run my analyses in the evening as a way of preparing for the coming market day.


Note also that your database must contain your dependent variables—the outcomes you are attempting to predict—as well as the predictors.  Typically these outcomes will be future price change, but not necessarily.  If you think of your database as a spreadsheet, each row might represent a day.  The columns would capture the values for the predictors that day, followed by columns that describe what happened in the market subsequently.  There should be strict limits to the number of dependent variables: if you try to predict 20 different outcomes, you are apt to find the one chance finding in twenty and mistake a random outcome for a genuine one.  An effective way of guarding against this problem is to conduct your analysis on two different data samples.


How you actually frame your research questions is part art, part science.  What I typically look for are extremes in my data or unusual occurrences.  For instance, if one of my predictors is at an extreme level, I will query the database and ask:  How often has this occurred, and what has typically followed in the market?  My typical lookback period—the historical timeframe for conducting the query—is a sample of at least 300 (days, if the data are denominated daily; hourly if the rows describe hourly data, etc.).  My experience is that the most significant predictions come at the extremes, when there are unusual occurrences in the market.


Let’s take a specific example.  I am writing this after the trading on October 22, 2004.  On that day, one of my predictors, the adjusted NYSE TICK, closed at –520.  Another predictor, the Institutional Composite, closed at –512.  Both are weak values, indicating selling pressure through the day, with the latter concentrating on selling by large market participants.  It is unusual to get these numbers below –500, but it is especially unusual to have them both below –500 on the same day.  That led me to query the database and ask what typically happens after such an occurrence.


Going back to July, 2003—a total of 329 trading days—I found only 13 examples of days where both predictors closed below –500.  My dependent variables were market price change in the S&P one day later, two days later, and three days later.  For the sample overall (N = 329), the average S&P percent change was, respectively, .038, .073, and .108.  Over my 13 instances of weakness, the average S&P percentage change was .055, .202, and .529.  Over the 13 instances, 9 occasions were up three days later, and 4 were down.  


If I am a daytrader, I can see that there is no real edge to this pattern for the next day’s trading.  As a swing trader, however, I can see that there is an edge going out several days.  In other words, market weakness does not generate a rebound the next day necessarily, but does tend to generate a bounce three days out.  That might have me looking for signs of strengthening over the next day for a possible long trade.  


Now, in reality, I would not rely on a single statistical inquiry to guide my trading.  I might conduct inquiries with different variables over the same time frames to see if the edge holds up.  I would also rely on my reading of the market as it trades to decide whether or not to act on the statistical edge.  Obviously, if some adverse news comes out in the marketplace, that might cause me to abandon my analysis.  Once you conduct enough analyses, you can gain a sense of which ones are solid.  For instance, the pattern of short-term continuation in the direction of momentum, followed by reversal, is a common theme that emerges in data inquiries.  The best investigations are those supported by other patterns or data.  For instance, in the example above, if we get a push down early in the week that does not expand the number of stocks making fresh new lows, I would be very careful about chasing that market down—and might even fade the move—given the finding of forecasted upward bias over the next three days.  


A good source for information and inspiration regarding the scientific analysis of markets can be found at www.dailyspeculations.com and in the books of Victor Niederhoffer and Laurel Kenner.  History does not always repeat itself, but—under the right conditions—it can help chance favor the prepared trader.

Brett N. Steenbarger, Ph.D. is Director of Trader Development for Kingstree Trading, LLC in Chicago and Clinical Associate Professor of Psychiatry and Behavioral Sciences at SUNY Upstate Medical University in Syracuse, NY.  He is also an active trader and writes occasional feature articles on market psychology for a variety of publications.  The author of The Psychology of Trading (Wiley; January, 2003), Dr. Steenbarger has published over 50 peer-reviewed articles and book chapters on short-term approaches to behavioral change.  His new, co-edited book The Art and Science of Brief Therapy is a core curricular text in psychiatry training programs.  Many of Dr. Steenbarger’s articles and trading strategies are archived on his website, www.brettsteenbarger.com
