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In the first two articles of this three-part series, I introduced a dilemma—the challenges to continuing trading success posed by changing markets—and introduced a possible response to these challenges: the use of market research to create models that capture how the market is moving at a particular period of time.  I suggested that these models could capture regularities specific to the present “market regime”, and I also suggested that ongoing modeling allows traders to determine when those regimes are departing from their characteristic behavior.

Responses to the First Two Articles


Since writing those articles, I have received many responses both by email and on trading bulletin boards.  Some respondents have found the line of reasoning to be persuasive; others less so.  The two questions that have been voiced in the resulting dialogue have been:

· Do markets really change?  Some have asserted that markets always reflect supply and demand and hence never change over time.  They explain that their trading setups continue to work over periods of many years and claim that long-term trading success is possible to more than the exceptional trader.

· If markets do change, is research the answer?  Some correspondents have suggested that intuitive learning is possible under changing market conditions and that this learning would be hampered by an explicit, research focus.  They claim that the answer to changing markets is staying more attuned to the trade, so that it is possible to shift as the market shifts.

My responses, in a nutshell, have been:
· Market setups may not change, but their expected returns do.  This can be verified statistically, simply by assessing average price changes (and the variability of these) during different market periods as a function of various entry signals.  The general experience of even the most seasoned mechanical system builders is that, after a while, the performance of any given trading strategy degrades.  What worked in the bull market of the 90s didn’t work in the subsequent bear market, and strategies that were profitable during the bear years have suffered during the recent period of low volatility.  My strong impression is that successful discretionary traders may rely on similar setups across market regimes, but may compensate for the changes by managing their risk and position sizing differently over time.  This would make it feel as though markets are not changing, even though a careful review of trader metrics (frequency of trading, time holding long and short positions, etc) would reveal change.

· Research in implicit learning does not support the idea of rapid intuitive learning.  There may be individuals so gifted in their pattern recognition skills that they can identify and pick up on market shifts with relatively few learning trials.  Research, however, suggests that this is not the norm.  It generally requires thousands of trials to internalize complex patterns, even under facilitative laboratory conditions.  This also fits my experience in working with well over 100 traders in the past two years.  It is the exception rather than the rule for traders who were successful in the past decade to be thriving at present.  Again, this doesn’t mean it is impossible.  It simply means that markets may be changing more rapidly than most traders can assimilate.

Interestingly, several discussants read the articles as an endorsement of mechanical trading systems.  That was not my purpose at all.  If markets are changing as radically and frequently as I suspect, mechanical systems are in every bit as much danger of obsolescence as intuitive traders.  The challenge is not simply to figure out how a market is trading: the challenge is to update this knowledge once markets change.  Relearning markets is as important as learning them.

Modeling as a Learning Tool


As described in the second article of the series, modeling pulls from a historical database all market occasions that are similar to the present one across a set of criteria.  This contextual database ensures that the set of occasions chosen form a stationary distribution.  From that set, one can then drill down across a further set of predictors to see if the present value of those predictors is associated with a directional edge.  Such edges are generally found at predictor extremes, so it’s usually a good bet to start with predictor values that stand out.  For example, once we’ve collected our contextual database of stationary data, we might notice that today’s put/call ratio is quite high.  We then look within the database at those occasions when the put/call ratio is at similar, high levels and examine what has occurred 1-5 days later.  This smaller, predictive database of high put/call occasions can be broken down even further if necessary; for example, to look at high put/call occasions that have followed a large three-day market drop.  The art to the science of modeling is acquiring an intimate familiarity with the predictors so that you know which variables to pull from the contextual database to create the predictive database.  


A second kind of analysis that is more qualitative, but quite valuable, is the “what-if” scenario.  From the predictive database, I will ask, “What if the next day’s open is up; does that affect future expectations?” or “What if tomorrow’s market also has a high put/call ratio: What would we expect then?”  It is also instructive to run what-if analyses from the contextual database, just to see where the market’s greatest edges are under the present regime.  For instance, I will compare all occasions that had superior three-day gains with the remaining instances and see which variables were most intimately connected to the outsized gains.  Such scenarios can be run over multiple time frames, and for different sequences of outcomes (Show all occasions when the market reversed direction after a three-day drop). 


After a number of these what-if analyses, themes begin to emerge from the contextual database.  You begin to see that the same variables and time-frames continue to pop up across different analyses.  Several day gains are associated with subnormal returns going forward; sharp drops are associated with near-term reversals; both of these patterns tend to occur when particular predictors are at extremes; etc.  These recurrent themes form the “rules of the regime”: they are the regularities that characterize the present way that the market is trading.  While no trader has a crystal ball to know precisely when those rules will change, an early reading of the rule-like behavior that the present market is exhibiting is very helpful in exploiting periods of trending, non-trending, etc.  It is when those rules begin to change—and stop working with their prior consistency—that we get early indications that regimes are changing.  

Now, at the end of three articles, here is the most important point of all:  Continuously running the what-if scenarios and actual predictive models is a means of facilitating implicit learning.  Each run of a model creates an intimacy with the data, as you obtain a sense for how the market moves in its present regime.  Day after day, analysis after analysis, you develop a sensitivity to the nuances of various predictors and predictor extremes.  Eventually, following a hard market drop in which volatility has expanded and the adjusted TICK hits a 20-day low, the thought kicks in, “I’ve seen this before”.  You begin to anticipate the market’s future expectations before even running the analysis.  

This is where I believe statistical modeling and intuitive, discretionary trading meet: Modeling and remodeling create the number of trials needed for skilled traders to acquire a feel for changing markets.  The trader running many models per day sees and experiences many more markets than the trader who simply follows the market during trading hours.  This accumulated exposure accelerates the learning process, allowing the trader to more rapidly adapt to shifting market conditions.  Modeling becomes a tool, not only of learning market expectations, but relearning them under changing circumstances.  Replaying similar markets from the past based on what-if criteria and examining statistical regularities among those similar markets is a way of, first, learning the rules of the market and, second, identifying when these are changing. 
A Final Word

I deeply appreciate the feedback of all those who have commented on the recent articles and sharpened my understanding of the issues presented.  I do not pretend that modeling is the only solution to the dilemma of changing markets; only that I am finding it to be a promising course and others may find the same.

That having been said, there is a large trading industry out there that has a vested stake in the position that markets (and profitable trading strategies) do not change over time.  The newsletter writer, market guru/seminar leader, or software developer isn’t going to attract customers by offering transitory strategies.  No one with such a commercial interest is going to go in front of the trading public and assert that their chart patterns, waves, angles, indicator readings, or other strategies are in danger of obsolescence.  Nor will the sellers of mechanical trading systems find reasons to describe the conditions under which their systems’ performance will likely degrade and need retooling.  Brokerage houses, book writers, and educational services have little to gain by talking about how success in one market period is frequently followed by failure in subsequent ones.    

Think: If all of these commercial interests could assemble an objectively audited performance record to document their traders’ success across market periods, don’t you think they would do it?  Consider the marketing power such an audit would provide, and yet few if any services choose to make those numbers known.  If a guru had truly found a universal, unchanging structure to the markets, why wouldn’t they trade this structure and publicize the results?  It would be nice if those who profess consistency of markets could also document the consistency of their results.  Until such time, I’ll take my chances and look for ways to adapt to the evidence of my senses:  that markets indeed change and consistency of results is every bit as difficult to achieve as dramatically positive results. 
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